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ABSTRACH

The purpose of this project is to setup an effective schedule for the 3th route
transit, In order to corelate with the demand of each drop point and find the
relationship of service time at each drop point with the amount of student around
that drop point. By using data that were collected from the past, We can come up
with the service schedule that is proper and economically effective with the demand
in the present. Assuming that the number of student that register for the semester
corelate with how many times has the service been used. But the student registry data
were not used in creating the service schedule. This means we must find the
relationship of the number of times that the Chiangmai University Transit were used
with the study schedule of the students. So that we can use the result in order to
create the service schedule of the transit that will be proper and economically
effective for the demand at each drop point in the future.

The result from analyzing 90 data points, 45 of which were relevant and the
rest were not. By looking at the number of people and student who potentially going
to use the service, We conclude that the number of people who use the service does
not corelate with the number of student who register for the semester. And the result
from the service schedule for Chiangmai University Transit that we created showed
that on average the number of people who use the service per the number of seats
in the car are 74.40 percent which in the past it was at 48.38 percent in February, An

improvement of 26.02 percent.
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VAAOUALYATIUNEGN Ho: py = P, WALAUNAFINTES Hy : p; F p, Iedinauiaanisng 2.1

N13NAADUILADILTAIALLULLINTFIUYDINITRANKITUNARTEUNIT 2.10

P,—P,—(ps—
5 _ _P17Ps (P1—p2) (2.10)
\[Pl(l—pl) : p2(1-p2)

nj nz

NSNAFRUALLAFIUNANVBY Hy: py = p, FINAABUANRAIENNNT 2.10

P,-P
Zo = L f - (2.11)
P(l—P)(n—l-l‘E)



M1919 2.1 UWAARNMUINVIINITUES Hy VoIaNNRFIUTDA

FUNRFIUTDY NaTIYaINITURH S Ho
Hi:py F p2 Zo > Zay 930 Zo < -Zays
Hi:pi > po Zo> Zq
Hiipi<p2 Loy < -Zqg

2.3 NM5INAIAIUARIALARDUVBINITNYINTOL

ArANUAAIALAGEURALFUYTH] (Mean Absolute Deviation, MAD) ml@annaunis
2.12

_ 1YY

MAD (2.12)

e Y, = Yeyaiian t
Y, = musulsyuie
2.4 nswensal

2.4.1 mMsngnsaimeisusuissudnluiuwdea (Exponential smoothing) wil#ain

qunns 2.13
Fi=aA, + (1 - aF, (2.13)
Tned F, = ATNEINSEIENNS UT9aN t
Ay = AN939 B BIAN t-1
Foy = ANEINSIAMS UYL t-1
1 d' U a
a = ANAINUTULIBU

2.4.2 Fn1sneInTalkuukendIl wagavilggnia (Decomposition method and

Seasonal Indexes)

aal | & aaa A ¢ I L.
WBuendrnnduisnniuwnvnaalunsinsal lneazidunisuen(Decomposition) Lo

q

[ I

aeRUsEnaune egnslusunsuteyasenun Wy Jeyagania visesvilgania ienas



YMIAAINISNYINTUTUL AU LLUUEUNTU

ABNINYINTALUUUMENEIULUUAUAL (Classical decomposition method)

nsuendIuveteunsuaIzLandugliuuYes multifactor Ingilguiuunansfsaunis 2.14

Yi = f(T,CS,e) (2.14)
Y, : masslugaanan t f : uileidunsndinaans
T wwaliy C : NaINATATUTOU (Cyclical)
S : HAAINAANTA (Seasonal) e : AMUARIAIATOY

sULuuAudITUSsEinesAUTENaUAN 9 ausaeglusuluures Multiplication
(Multiplicative decomposition) kazn1suiial (Addition) @saunsardeulanaunis 2.15 -
2.16

Multiplicative : Y =TxCxSx e (2.15)
bbe1S
Additive : Y =TxCxSxe (2.16)

uitdesarndtuuunisiiinlddesdisueg1938 Multiplicative Tugunuuves
Multiplicative TuA1v8103AUszn0UNe 4 pefdsznovazlifidinarcwesdndiuudas
aeAUsENUWNU 1

2.4.3 AefuuUsI0999N1a (Seasonal variation)

Hussddszneunisweseynsunareduieiinining q wazinnindsuuasd
mamsalldseu q @uwwnlduneluszezna 19 famsdnumadviiggniaazdunis
AMuauumgaRinavesiiedsiadoud duluisiitenin Benmdiudedaieindoud
(Ratio to moving average method) %aiﬁﬁdauﬁm3ﬁ1ﬂ13ﬂizuﬂmmﬁmﬁq@ma rh
ApgiNTUTEINAATUILENAINTANN1SVRINTTHENAINTateLNTULATNAD LTuNsAAWUY
psslunssuioninimadnsvessUuuureseynsuaiidu Multiplicative tuasidunis

MuuaANlusendndnsunisussunaaeasrUsenaululiareInusenau Wi



Y, = TCSe (2.18)

NUY

Se = 2L (2.19)
TC

FavanomnuinAnaie (Actual) axgnmsieesdusEnevveslualiiLe: MIATUTeU
FeagfleiiuAesduszneuggnia wazAANLAANALARDY

2.4.4 MIWENAIUVDIDIAUTENOURANA (Deseasonalizing value)

Tunsusndrussduszneuggmianndeyasis ieaglinsuisArveesdusznaudy
q fidefirowuliu NMIATUTEY wazANARIMAREU 3933719ARe Deseasonalizing

DUIGN

= TCe (2.20)

20 B

lag? S A fytnaniavestieal t naInfinswenduasAusEnauganis (TCe)
wda Adenan TCe Alaunldlunsuseanaawulldy (T) Ine3snsaunnisanneeagieiny

(Simple linear regression)

25 gULLUU?Ja\‘l{]mUmLLUU Linear programming

Linear programming fwﬁmﬂ‘ﬂizﬂa‘uLﬁaéfuimaaiqﬂmf\]%ﬂa'nlﬁdmizﬂaiﬂ,ﬂﬁaa

dausing 4 feiiAe

Decision Variables (x) Al fuUsiis1fosnisnsiue 3e nanndieq fe i
LL‘IJii‘/NIILi’IgllEJ\‘ImiW]mLﬁaLﬁuﬁwaUﬂJm{]mM’]ﬁ?u ‘

Parameters (a , b) e deyaiifotuesiaymenveglusuvesriasiisng q ls
Pinmaiudeya

Objective (2)  fAa  msiaantnuisvestam ?jwzagﬂugwmammi
AuduRuSTiUsEnaudie Decision Variables

Constraints (o) fie Madsuioulwuazdesiiavesilym sennegluguuy

o o ¢ L. . ' Ao
YANFUNITANUAUNUTVRY Decision Variables lagA1 Parameters 7oy

10



Resource Usage per Unit of Activity _‘Decision Variables;X;
A:tiv%/
Amount of
Resource 1 2 n Resource Activit:

1 {an a1n b:

i
2 pan ax am ba
m i am1 am2 Amn bm

i

Contribution to Z per | €1 €2 S Parametrs |
1
unit of activity

AN 2.1 LERIAMUFUNUSVRIRUsAeq R TETun1E519uURIaa9LP

NN 2.1 LAIAMNFURLSVOIRILUTA ¢ Nllun1sasanuuiass LP
Usznaume
. . . = 3 v & A a
2.5.1 aunsidmuny (Objective Function) #te193stlulaviasnismaiunnian

(Maximize) #38n15yA7ANaR (Minimize) Aldgy Aauns
Minimize Z = ¢;X; + CXo + ... + CXp (2.21)

2.5.2 gunsieuly )Constraints( Feanansauuslaiu
1) Functional Constraints #asinazgnideuduaindeyaveleym
2) Non-negativity ~ Constraints ~ @atdudaimunvesiiudsnnds (lay
| oA ° v Y Y a1 = ¢ 1o i o
duun) MNlevAmneugaelavzdesdianluuinuioqudminiu (uiluuensdldneuves
Jaymeaazidumuinyseauils Feifesdinis@euannstoulvwuuduiuun)
d1m13U Functional  Constraints Wu JUkuuNInsg U azegluguveseaunisnd

\nsemnetonimIawiiu (<) udannsagnideuluguuuudu 9 Lo

THp3osmuneInnnIvEowiniy (>) feaunis

ai Xy + anXo + o + @ X, 2 b @S (2.22)
Tusuiedonsnewiniu (=) fsaunns

Xy + aXo + .. + anX, = by @MU (2.23)

#1935 Non-negativity Constraints 81de9n15tidanUsanunsafialavisauiniasg

Anau aunsaeulagltaunis 2.24

11



X; unrestricted in sign @%5U j (2.24)

(unrestricted 9193zaulaeldfite URS visaluanununentwnede auisadianlanauin

Lazav)
2.6 NaUITUBANA

2.6.1 Mymanuduiusveraoyavualng (Big Data)

HAIWIIBVRIAM JudY Antydwid T 2558 1389 “Anuduiusvaiunastayavuin
Tnaj(Big Data) wagn1sdnnisteyarionnudiavesianislungugnamnssudiannseiind”
nafensmANUduTusIEnIdeyasie

INWNANTIATIZRUUTIRDIAUENTUS VR Unasteyavunalveg) (Big Data) waz

a 1

n1sdanisdoya d8nsnaneanudniavesianislunquanaimnssudidnnsednd aiy

anufgunTIdvazulacade 1-3

[

1) aunfgnu : unasteyavuialvg (Big Data) HAduduiusiunisdanis

¥ a

TOUR NANITNAADUANNFFIU WU unasdoyavuinlvg (Big Data) IAdmduiusiuns

Y

aad

Jan1sfeyaealiuddgynsadiafiszau 0.0001 Faudulumuauufigiu

o

2) aunfgiu : nsdanisteya danuduiusiuanudniavesianislungy

gnaMnIsudiannselind nan1smadeuanufgiu wud1 Msdan1steya Taruduiusiu

'
°o v aad Y

audnsavestanislunguanannssudidnvsedndedslileddynisadAniszdu 0.05 &

Dulumuanuigu

v 6

3) duNfgnu : wrasdeyavuining (Big Data) IAuduiusiuaiudnsavesianis
Tugnamnssudidnnsednd nansvaaeuauufgiu wudn unasteyavuinlng (Big Data)
fianuduiusivanudnusavesfiamslugaavnssudianvsednd

INWNANTIATIZRUUTIRDIAUENTUS VR Uvasteyavunalveg) (Big Data) waz

o

nmsdanisdeya weannudniavesionislunquanamnssudidnnseind Feaenndosny

[

Snqusrasdlunsitedeiinis Ao WedAnwiguuuuveaundsdoyavuinlug (Big Data) 7
RerdesruAansalugnamnssudidnnsedind Feguuuuvestoyavuinlvg (Big Data) 7
ddnyriensdndoua tiledusevesianssulungugnainnssudidnnsednduszneudag
Social Media &g Mobile Usage

2.6.2 fuvuilivanzasiiasiumsnensaiidusasnan

HAUITeveInn Tngn 2ATEI Way AQau vesailn  MAYIAINTINERAIMANT

LAZN1IANIS ANEIMINTSUAERsHazmAlulaganamnssy U Ine1dedalns 1509 “da

12



wuuivnzauiaalunswensaiiiduiana 7 ndndt nmsiesginsmuiinuns
wanAuA T sedumngan Taofudoyadausl wa 2550 89 T wa 2553 21nuUiEndogng
1131 %Lﬂﬂ%ﬁ%@%ﬁi@EJ’QJ%‘ﬂﬁWEHﬂim‘I@EJ’QJ%‘ﬂ’ﬁW]ﬁ’]LQ%EJL@% oufl Msnensallagdznism
Anadsindeui uuumsinin mamernsallaedinmsusuSeusuueondlmuudea |, ms
NYINTULABITUSULTBULUU Aulaendlwmuuldena , A1sweInsallaedsiumes malanis
wendry uazendfedlfthienasugin (Econometrics) wildlunswennsaidnde iewe
wuuinzauigalunsmeinsaiuagduiam Yiinanimasiuangauiuuinani
ABINITIT

MnmsnTensaikasmmaL anaiedeulasnisiondoyadaudl we 2550 -
w.fi 2553 Lilewensald wa. 2550 wuiinsweansal seIsuuiumesaslvinadian uas
awsoneInsal nsndaieud 6 Gudieud 12 vesd 2554 16 IndiAsafuninudesnisves

anNAIN Ngn
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= ad 0 A v
TLUYUITNIINIIIY

3.1 Anwdeyadeundeainasssauuinssaluin va.uv. aedl 3 U 2/2561 fa 1/2562

=3 ' Y a K a A & ¢ @ Y v 1
INNIN 3.1 ‘{ISL‘VI‘LJﬂ’NlIG]’NGU@ﬂﬁm%Uiﬂ’]iﬂU‘ﬂu&Uiﬂ’ﬁ%LUULU@?L%MGTL@%@L‘UUIU%@Q

s & & 1 a Ao
LWUDIPUN ANRFYNUINDTBU

U w.e. 2562 : snEFUAT (N0 3)

oy |Fruudlanans| Funusviat | Sundtuins Wetiduddnadeiidieay duafiidlaossatu| duadozaviefu|dungdleonidasay
i) () 591) i) (asidud) () (sa0) ()

IR 57,048 7,920 102,560 55.41% 2,852 396 7
L. 43,016 6,840 88,720 43.38% 2,264 360 6
da. 42,666 7,560 98,280 43.41% 2,032 360 6
L8 39,901 8,160 106,080 37.61% 1,995 ans 5
.. 19,650 8,568 111,384 17 .64% 936 ao0s 2
v 14,779 7,752 100,776 14.67% Tr8 403 2
LA, 31,231 8,568 111,384 28.0d% 1,487 403 4
#.h. 92,830 8,568 111,384 83.34% 4,420 408

f.e. 63,549 8,568 111,384 57.41% 3,045 408 7
M. 59,168 8,568 111,384 53.12% 2,818 408 T
Wy, 51,956 8,568 111,384 46.65% 2,474 ans 6

AN 3.1 MIETUTaUUSNSUazglduINsane 3 U 2/2561 fie 1/2562

3.2 AnsendayaamituiutnAneainmsieiFeuvesindne

Wnsgndeyaivemiuuindnymanmassuresindnyiveusazyianiaivest

2/2561 4 1/2562 Tuvauneinisuiialndidesgauinisiaeiisserinsaingauinisdy



§@i 100 wns 911U 3 AVINTAINN 3.2-3.4  Laguuagianan 3 Yranaife u
JunsivTungriaud Juns wardudsasiuiuans wingiuasiiseulian 5 soume 8:00, 9:30,
11:00, 13:00, 14:30 #FFwIulnANwluLAazIAUINISIUYRUANIINUALAY LAAIRININ

3.5 wazonsfieglurauuaiivualuusaganuIn1snemsng 3.1

AN 3.2 AUINTAULHIANAIENS

i : https://www.google.co.th/maps

AN 3.3 AUSMSANZUYWEANERS

iz . https://www.google.co.th/maps

AN 3.4 AUINITANESFANERTUAZSTUSEANEUAERS

iz . https://www.google.co.th/maps
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https://www.google.co.th/maps
https://www.google.co.th/maps
https://www.google.co.th/maps

$n 3000 W AESEAnEns
U 3000
1’1 2500 B AnzdanuAmans
u 2000 4 AEUYBEANENT
@ 1500 -
~ 1000 -
A
w500 -
0o -

*IILIAT 8:00 9:30 11:00 13:00 14:30

AL gmam% 2183 1724 1905 1978 2024

AMzAIANATERS | 1348 3228 3270 2247 1702

ANzaYwEMans| 1034 | 1553 | 1150 | 807 342

A 3.5 nsmianuauinfneluudazgauinisluveulwainuaiut 2/2561

=3 Y1 1 1 a o v = A = a 1o
NN 3.5 T{IBLMUI@’J’&HLLG]&%GU’NLQﬁW‘U%NQWU’JUUﬂﬂﬂ‘UWWﬁQW%LUEJ'ULSEJ‘L!EJQQ’]‘L!’J‘N

Ay o gausmMsseluveulnail 100 wns

71319 3.1 amsnagluvaulainvualuudazyauInig

ANZEIANANENS
HB1 91ANTUYBUAANT 1
HB2 91ATUYWEANANT 2
HB7 91ATUYWEANENT 7

SB1-4 DPNTEIAUAERNS 1-4

ANIENYBRIANENT
HB3 91ATUYWEANENT 3
HB4 91ANTUYBIAANT 4
HB5 91ANTUYWYAANT 5
HB6 21ANTUYBLAARNT 6
CSB 91A13N1AIYINYINTABNNIADT AR INeFNans

16



M1319 3.1 a1Anshegluveuivanivualuudazanuinig (de)

AnTSgANEnsHasSgUEAMaAUMEnS
CB1-2 1AMV AL AR INEAERS 1-2
MB 1ANSANAIVIAAAERNT ALINFARS
PB1 21ASNNAINWEANE AEAINemEns 1
PSB 91 ITgMansuazsgUsEmaumans
STB 21ANSNNAINENR AEINYIANERS

3.3 ATITHNIANUTUNUS

Anneimenuduiudszrinsnslduinissalai vaus. aeil 3 luusazgauing
U uauindnwitldannanededlustesuinagnuinng nefidtuneudde 3.3.1-3.3.5

3.3.1 sadwuglduinislurianan 10 wifideunihlunsdazseunandiaula (8:00,
9:30, 11:00, 13:00, 14:30) MnAT1eFaFeEaFInM 3.6 lunsay Fuiiviloufusmeaade
Puuauseiuludwinendegiugy 90w 3.6 suatlusdaziuduns  (woud

Widea) 1A 3, 4 war 7 9Nudeu A eagae 3 + 4 + 7 = 14 wauunng 3 agle

1 U
bNNU 5 AU
. nan [vanlszna a L e o a a L e [l a a we a
ddiu U 4 5 6 7 10 11 12 13 14 17 18 19 20 21 24 25
4 7:32 3 0 3 0 i 2 4 0] 0] 0] 1 4 2] 5 1
5 7:35 0 0 [ 0 1 0 0 1 0] 0] 8| 0] 0] 0] 1
6 7:37 1 1 1] 0 0 2 2 0] 2] 1 4 3 2] 4 ol |
7 7:40 2] 6] 1 1 0] i 0 1 2 2 2] 1 0] 4 1
18 7:42 0] 2] 0] 2] 0] 1 0 1 0] 0) 0 0] 1 1 0] [5)
19 7:45 4 5 i 0] 2] 0] 0 1 0] 2 2 1 1 1 0] 0]
20 7:47 1 2] i 3 3 0] 0 0 0] 1 2 3 3 3 1 5
21 7:50 0] 1 0] 0] 0] 0] i 0 0] 0] 3 4 1] 0 1 0]
22 7:52 1 0] 3 9 2] 0] 1 0 0] 0] 1 1 3 0 2 2]
23 7:55 1 2] 0] 2| 0] 6| 0 0 0] 1 3 0 7 0 0 [
24 7:57 1 2] 9 0] 1 2] 0 1 1 2| 9 1 i 2 2 2]
25 8:00 1 0] 2] 3 ) 3 2 0 0] 1 3 1 2 3 2 [
LT .00 2 il A A L il i il L L A d 2
o Y a 1 a = a =
AN 3.6 mswmmuﬁ:ﬂmﬁmﬂuLmazsawsmwaaLﬂauuqmau U N.A. 2562

a1 3.6 Wuinsedeyaiulaetesdduidudduseuuinissalni va.ue. dlu

o w

usiaza1AUITUBNIAINITEENUINTIRNUI M I utauarlduiugldusnisegiauly
< [ - v s v o a = 5 @ v Ao A aa
wantuwarveniuInduiuduns §3an3s ws nawaud vseansilemgelaeiiunniuugiu
MAvegi1aavestesveniu
3.3.2 Uunaudl 3.3.1 G1ludasTuveagauinisnie 3 9 (Funs-ans)
3.3.3 daneves Jundassiufe Tudunsiuiungiavduas Judsansiviuansin

NIAREAY AI0819LTU ALRALIUTUNIAD 23 AukazALadsiungiaudfe 21 auliin
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ARAEADIANHNNTINAUMAIIT 2 Faazlalindu 22 Ay
3.3.0 MUumou 3.3.1 - 3.3.3 11 3 YAUSNIstunNAuLay MALRAENUvesd

2/2561 way 1/2562 aaglannadedliuinisluwiasisialuusavanuinisveslusiay

TAUAIDLIILENT HIA1T1T 3.2

M1319 3.2 uglduinisRteanizdIsiuiunsiuiungiaunvesd 2/2561 Tu

luusiazaausnis

Puugliusnistrciudunsiviungiauiluusazaauinis (aw)
I8N AzIgAans | Anrdiaumans | Anzuyverans
8:00 4 3 2

9:30 11 4 5

11:00 18 7 6

13:00 13 7 6

14:30 18 1 8
33U 64 21 26

N5 3.2 uansAnaABgliuImsvesTudunsiutungaufivesd 2/2561 Tu
WARZYAUINITANUBLIAN 5 szmnmLLazﬁmaiam"mau@%’U%msﬁ”’q 5 YIUIANVDILAAL YA
UINTBYANGEAVBINITI

3.3.5 theniildandunou 3.3.4 lWmenuduitusieisnseyuunamsdadauyes
Uszring 2 nay Taeldlusunsudidiuny (Minitab) Fsasnsadnadennugniosvaslsunsy
#funu (Minitab) laande 1 fiate 3

1) Wmsnsalfiaulaves P, wihiu 11289 uaz P, wirdy 42 Tasimnnsal
Wavuaes P, Sidwindu 59028 way P, fenwiniu 254 aylddn B, fidwvinfu 11289/59028
%38 0.191248 wag P, AAvnAv 42/254 %38 0.165354

2) MURUALAT Z Ae9dunns 3.1

p,-P
Z = L2 (3.1)

/§(1—ﬁ)(n—11+£)

18



(% '

lne?l P fio Hasiuvasransaiiaula sy nasinvesmansalnavue 3aazlansauns

3.2 FaflAyiniu 0.191137

~ 11289+ 42
P=——7—"— (3.2)

59028+254
2) WIUANUTD 2 WenA Z azlansaunis 3.3 aglaen Z windu 1.05 wazdl
p-value W1AU 0.294 FadlalndlAgsiuarnlaainlusinsudiduny (Minitab) #3nw 3.7 fAe

Z = 1.11 uazdl p-value Wiy 0.268

0.191248-0.165354
7 = (3.3)

J0.191137(1—0.191137)(59;28+$

WORKSHEET 1
Test and CI for Two Proportions

Method

pw propertion where Sample 1 = Event
pz: proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N Ewvent Sample p
Sample 1 59028 11289 0.191248
Sample 2 254 42 0.165354

Estimation for Difference

95% CI for
Difference Difference
0.0258939 (-0.019903, 0.071691)

Cl bagsed on normal approximation

Test

Mull hypothesis He:pa-pz=0
Alternative hypothesis Hi: pa-p= 2 0
Method Z-Value P-Value
Mormal approximation 1.11 0.268
Fisher's exact 0.337

A 3.7 naansnlaanlusunsy Tdunu (Minitab)

3.3.6 91098 3.3.5 siuléinan pvalue AildanTusunsufiiuny (Minitab) n1m
3.7 wazannsAwIndmilndifissiufie 0.268 uaz 0.294 muadIdyu Fanamin1seausy H,
A1 p-value 9zABIAILINATY O AD 0.05

3.3.7 @a$19n31MUSEUIBUEN T IU VD ILARE T I TIUNATINYBINNTI4LIA 58

windwutnfnwnamsdeutuglduinssalni aauy. iienandiiuduutdndny
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Pawsifaunsodnuiuglduinissalni va.uy. Ivrnailalidviuauunigalindiuds
wrlluiedrglumsiessimanuduiusvesinAnwinameideouduglduinssalui

YA.U%. InYFIDg1NIINLAAIRININ 3.8 LATNITAIUIULARNIFIDE1AINNTIE 3.3

71314 3.3 nsArundaTdulundazdsarveslduinsivinfnunameiteulud

2/2561 Qi AUINITAULIFANENS

ANz IFANEnNS
URNPRY 1w ue. famzidou () I LEIUTNT (L)
8:00 2183 0.222 4 0.055
9:30 1724 0.176 11 0.173
11:00 1905 0.194 18 0.283
13:00 1978 0.202 13 0.200
14:30 2024 0.206 18 0.289
WATI 9814 64

< o o v aa ¥ 1 '
A1NA919 3.3 LUUNITUIIUIUAY (MANVIUNATIN) maaaawagaiut,l,mazmmm a1

WonT1EUlneIINIUILALTULAAZEIAMISAIENATINVDIYNTNIATINANADWE NG R

Mﬂﬂﬂﬂﬁﬁﬂﬁ’m’M?ﬁu
0.350 - .
ABMYIFANENT
0.300
. 0.250 N\ ~
= \/
& 0.200 ~ / —
=
£ /
@ 0.100
0.050
0.000
Y9281 8:00 9:30 11:00 13:00 14:30
—Aldu3nns 0.055 0.173 0.283 0.200 0.289
——uA.famadou 0222 0.176 0.194 0.202 0.206

A 3.8 nsTeuliisudnsidiuludazdiwiatvesiudunsiviungiauanga

usnsanuesgaanslul 2/2561
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NN 3.8 ziiutnananiinuuensesdvIuaulRsNigawaznTidnve ey

Toyaltu ¥aean 8:00 1urrsaniildusnstesnanlnefidnsdaiuegi 5.5 Wosdudus
Ao o

31381 9:30 Wudnnaniidnd@nwamedoussulosian

3.4 AN151959UUSN155a WA va.u%. @189 3 A28735n1swensal

=

n1snensalazldteyavesfoununiiusdeunds 4 Uidiourlunisneinsalniny
dioamsldusnssalaii vaue. veadiounnsiau Tuld 2563 Teiduneudall

3.4.1 dnasinveldusnisluusiazifeuveamen 2 dounas 4 U et 2558 2559
2560 wag 2561 umensal daannm 3.9 szdunswiildainnisnensaituunendiusvdl
gonanaznm 3.10 azdunsmiildanmsmeinsaluuuduSeudnluuuden aziuldin
A MAD wesmswennsaluuuusndiusadiggnialianiitiosninfs 2307 e a3y
FBasmernsaluvuusndrudviiggnaiiiomgliuinnsludl 2562 Fsdnnugliuinnsluus

AvLAaUYRIAAzU 2558 D4 2561 LAAIRIANTIE 3.4

Time Series Decomposition Plot for C1
Multiplicative Model

60000 Variable

—®— Actual
—m— Fits

— 4 — Trend
50000

Accuracy Measures
MAPE 12
MAD 4830
MSD 42418389

30000

20000
2 4 6 8 10 12 14 16

Index

7 3.9 nsaannIswensaluunendIudviigania

@ 1 1 a 1 1 6 o 1 a |l
1NN 3.9 LLUUINAIAIUAAALAGDU (MAD) TEWINATNYINTUNUAITIDYN
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Test and CI for Two Proportions

Method

pr proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p2

Descriptive Statistics

Sample N _Event Samplep
Sample 1 64 11 0171875
Sample 2 9814 1724 0175667

Estimation for Difference
95% CI for
Difference Difference
-0.0037924 (-0.096528, 0.088944)

Cli based on normal approximation

Test
Null hypothesis Haipr-p2=0
Alternative hypothesis  Hiip.-p: £0
Method Z-value P-value
Normal approximation -0.08 0.936
Fisher's exact 1.000

AN N-1 ATWLLEAINANULNY

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
pa propertionwhere Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
sample 1 64 11 0171875
Sample 2 9814 1724 0.175667

Estimation for Difference
95% CI for
Difference Difference
-0.0037924 (-0.096528, 0.088944)

Ci based on norm

ximation

Test
Null hypothesis Haipi-p2=0
Alternative hypothesis  Hiip.-p: 20
Method Z-Value P-Value
Normal approximation -0.08 0.936
Fisher's exact 1.000

AN N-2 ATWLLEAINANULNU

50




Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
sample 1 64 18 0.281250
Sample 2 9814 1905 0.194110

Estimation for Difference
95% CI for
Difference Difference
0.0871395 (-0.023290, 0.197369)

Cl based on normal approximation

Test
MNull hypothesis Hoipa-p==0
Alternative hypothesis  Hipi-p. 20
Method Z-Value P-Value
MNormal approximation 155 0122
Fisher's exact 0.083

AN N-3 AWLLEAINANULNY

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 64 13 0.203125
Sample 2 9814 1978 0.201549

Estimation for Difference
95% CI for
Difference Difference
0.0015762 (-0.097311, 0.100463)

Cl based on normal approximation

Test
Null hypathesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 003 0.975
Fisher's exact 1.000

AN N-4 ATWLEAINANULNU
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Test and CI for Two Proportions

Method

pr proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 64 18 0.281250
Sample 2 9814 2024 0.206236

Estimation for Difference
95% CI for
Difference Difference
0.0750140 (-0.035429, 0.185457)

Cl based on normal approximation

Test
Null hypothesis Ha: pa -
Alternative hypothesis Hypi-p: #0
Method Z-Value P-Value
Normal approximation 133 0.183
Fisher's exact 0.162

AN N-5 ANLLEAINANULNY

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - p=

Descriptive Statistics

Sample N Event Samplep
Sample 1 21 3 0142857
Sample 2 11795 1348 0.114286

Estimation for Difference
95% (1 for
Difference Difference
0.0285714 (-0.121202, 0.178345)

Ci based on normal approximation

Test
MNull hypothesis Hopi-pz=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-Value
Mormal approximation 037 0.708
Fisher's exact 0.726

The normal approximation may be inaccurate for small somples.

AN N-6 NWLLEAINANULNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
Sample 1 21 4 0190476
Sample 2 11795 3228 0.273675

Estimation for Difference
95% CI for
Difference Difference
-0.0831991 (-0.251339, 0.084941)

Ci based on normal approximation

Test
Null hypothesis Hotp1-p2=0
Alternative hypothesis Hipi-p: 20

Methad Z-Value P-value

Mormal approximation -0.97 0.332

Fisher's exact 0472

The normal approximation may be inaccurate for smail samples.

AN N-7 ATWLLEAINANULNY

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
Sample 1 21 7 0333333
Sample 2 11795 3270 0.277236

Estimation for Difference
95% CI for
Difference Difference
0.0560972 (-0.145684, 0.257878)

Cl based on normal approximation

Test
Null hypathesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20

Method Z-value P-value

Normal approximation 0.54 0.586
Fisher's exact 0.626

AN N-8 NTWLLEAINANULNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
sample 1 21 7 0333333
Sample 2 11795 2247 0.190504

Estimation for Difference
95% CI for
Difference Difference
0142829 (-0.038915, 0.344573)

Cl based on normal approximation

Test
Null hypathesis Hopi-p==0
Alternative hypothesis  Hip:-p: 20
Method Z-Value P-Value
Normal approximation 139 0.165
Fisher's exact 0.100

AN N-9 ATNWLLEAINANULNY

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
Sample 1 21 1 0047619
Sample 2 11795 1702 0.144298

Estimation for Difference
95% ClI for
Difference Difference
-0.0966794 (-0.187982, -0.005377,

ximation

Ci based on normal ap

Test
Null hypothesis Haipa-p=2=0
Alternative hypothesis  Hipi-p: 20

Method Z-Value P-value

Mormal approximation -2.08 0.038

Fisher's exact 0.348

The normal approximation may be inaccurate for smail samples.

AN N-10 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N__Event Samplep
Sample 1 26 2 0.076923
Sample 2 4886 1034 0.211625

Estimation for Difference
95% CI for
Difference Difference
-0.134702 (-0.237766, -0.031638)

Ci based on normal approximation

Test
Null hypothesis Hotp1-p2=0
Alternative hypothesis Hipi-p: 20
Methad Z-Value P-value
Mormal approximation -2.56 0.010
Fisher's exact 0.144

The normal approximation may be inaccurate for smail samples.

AN N-11 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - p2

Descriptive Statistics

Sample N__Event Samplep
sample 1 26 5 0192308
Sample 2 4886 1553 0317847

Estimation for Difference
95% CI for
Difference Difference
-0.125539  (-0.277590, 0.026512)

CI based on normal approximation

Test
Mull hypothesis Hoipi-p==0
Alternative hypothesis Hip:-p. #0
Method Z-Value P-Value
MNormal approximation -1.62 0.106
Fisher's exact 0.208

AN N-12 AMNLERSHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
pz proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N __Event Samplep
Sample 1 26 6 0.230769
Sample 2 4886 1150 0.235366

Estimation for Difference
95% CI for
Differance Difference
-0.0045971 (-0.166983, 0.157788)

Cl based on normal approximation

Test
Null hypathesis Haipi-p==0
Alternative hypothesis Hipi-p: 20
Method Z-Value  P-Value
Normal approximation -0.06 0.956
Fisher's exact 1.000

AN N-13 AMWLERSHNANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
sample 1 26 6 0.230769
Sample 2 4886 807 0.165166

Estimation for Difference
95% CI for

Difference Difference

0.0656035 (-0.096680, 0.227887)

Cl based on normal approximation

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 079 0428
Fisher's exact 0423

AN N-14 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
sample 1 26 8 0307692
Sample 2 4886 342 0.069996

Estimation for Difference
95% CI for
Difference Difference
0.237696 (0.060146, 0.415247)

Cl based on normal approximation

Test
Null hypathesis Holp1-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 262 0.009
Fisher's exact 0.000

AN N-15 AMWLERIHNANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N Event Samplep
Sample 1 56 3 0053571
Sample 2 7908 846 0.106980

Estimation for Difference
95% CI for
Difference Difference
-0.0534088 (-0.112776, 0.005958)

Ci based on normal approximation

Test
Null hypathesis Hoipa-p==10
Alternative hypothesis  Hiip.-p: #0
Methad Z-Value P-value
Mormal approximation -176 0.078
Fisher's exact 0.275

The normal approximation may be inaccurate for small samples.

AN N-16 AMWLERINANTUNU

Test and CI for Two Proportions

Method

p: proportion where Sample 1 = Event
pa proportionwhere Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

sample N _Event Samplep
Sample 1 56 10 0178571
Sample 2 7908 2557 0323343

Estimation for Difference
95% CI for
Difference Difference
-0.14477. (-0.245611, -0.043933)

€I based on normal approximation

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis  Hip:i-p2 20
Method Z-Value P-value
Normal approximation -2.81 0.005
Fisher's exact 0021

AN N-17 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p:: proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N Event Samplep
sample 1 56 16 0285714
Sample 2 7908 1642 0.207638

Estimation for Difference

95% CI for
Difference Difference
0.0780765 (-0.040580, 0.196733)

Cl based on normal approximation

Test
Null hypothesis Halpi-pz=0
Alternative hypothesis Hipi-pz #0
Method Z-Value P-Value
Normal approximation 129 0.197
Fisher's exact 0.184

AN N-18 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - p2

Descriptive Statistics

Sample N _Event Samplep
Sample 1 56 11 0196429
Sample 2 7908 1426 0.180324

Estimation for Difference

95% CI for
Difference Difference
0.0161048 (-0.088296, 0.120506)

CI based on normal approximation

Test
MNull hypothesis Hoipa-p==0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-Value
MNormal approximation 0.30 0.762
Fisher's exact 0728
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: py - pz

Descriptive Statistics

Sample N _Event Samplep
sample 1 56 16 0.285714
Sample 2 7908 1437 0181715

Estimation for Difference
95% CI for
Difference Difference
0.104000 (-0.014625, 0.222624)

Cli based on normal approximation

Test
Null hypothesis Hoipy-p2=0
Alternative hypothesis  Hiip:-p: 20
Method Z-Value P-Value
MNormal approximation 172 0.086
Fisher's exact 0.055

AN N-20 AMWLERINANTUNU

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p=

Descriptive Statistics

Sample N Event Samplep
Sample 1 23 3 0130435
Sample 2 12680 1308 0.103081

Estimation for Difference
95% CI for
Difference Difference
0.0273534 (-0.110384, 0.165091)

€l based on normal approximation

Test
Null hypothesis Hoipr-p=2=0
Alternative hypothesis  Hauip:-p: 20
Method Z-Value P-Value
Normal approximation 0.39 0.697
Fisher's exact 0.726

The normal approximation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
Sample 1 23 4 0173913
Sample 2 12689 2220 0.174955

Estimation for Difference
95% CI for
Difference Difference
-0.0010416 (-0.156087, 0.154004)

Ci based on normal approximation

Test
Null hypathesis Hoipa-p==10
Alternative hypothesis  Hiip.-p: #0
Method Z-Value P-value

Mormal approximation -0.01 0.989

Fisher's exact 1.000

The normal approximation may be inaccurate for small samples.

AN N-22 AMWLERSHANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
pa proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N__Event Samplep
Sample 1 23 7 0304348
Sample 2 12689 2292 0.180629

Estimation for Difference
95% CI for
Difference Difference
0123719 (-0.064447, 0.311885)

CI based on normal approximation

Test

Null hypothesis Hopi-pz2=0
Alternative hypothesis  Hipi-p: =0

Method Z-Value P-Value

Normal approximation 129 0.198
Fisher's exact 0.168

AN N-23 AMNLERSHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
sample 1 23 7 0304348
Sample 2 12689 5238 0412793

Estimation for Difference
95% CI for
Difference Difference
-0.108451 (-0.296692, 0.079791)

Cl based on normal approximation

Test
MNull hypothesis Hoipa-p=2=0
Alternative hypothesis  Hipi-p: 20

Method Z-Value P-Value

Normal approximation -1.13 0.259
Fisher's exact 0397

AN N-24 AMWLERSHANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p. - p=

Descriptive Statistics
Sample N Event Samplep
Sample 1 23 1 0043478
Sample 2 12689 1630 0.128458

Estimation for Difference
95% CI for
Difference Difference
-0.0849795 (-0.168525, -0.001434)

mation

Cl based on normal apy

Test
Null hypothesis Hoipa-p==10
Alternative hypothesis  Hiipi-p: #0
Method Z-Value P-Value
Normal approximation -1.99 0.046
Fisher's exact 0.350

The normal approximation may be inaccurate for small saomples.

AN N-25 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference; pa - p:

Descriptive Statistics
Sample N _Event Samplep
Sample 1 21 1 0047619
Sample 2 5361 966 0.180190

Estimation for Difference
95% CI for
Difference Difference
-0.132571 (-0.224233, -0.040910)

C! based on normal approximation

Test
Null hypothesis Hotp1-pa=0
Alternative hypothesis  Huipi-p: 20
Z-Value P-Value
0.005
0.155

Method
Normal approximation -2.83
Fisher's exact

The normal approximation may be inaccurate for small samples.

AN N-26 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - p:

Descriptive Statistics
Sample N _Event Samplep
Sample 1 il 4 0190476
Sample 2 5361 832 0155195

Estimation for Difference
95% CI for
Difference Difference
0.0352813 (-0.132946, 0.203508)

C! based on normal approximation

Test
Null hypothesis Haipi-p2=0
Alternative hypothesis  Huipa-p: 20
Method Z-Value P-Value
Normal approximation 041 0.681
0.556

Fisher's exact

The normal approximation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method

pr proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p2

Descriptive Statistics

Sample N _Event Samplep
Sample 1 21 5 0.238095
Sample 2 5361 743 0138594

Estimation for Difference
95% CI for
Difference Difference
0.0995017 (-0.082898, 0.281901)

Cli based on normal approximation

Test
Null hypothesis Haipr-p2=0
Alternative hypothesis  Hiip.-p: £0
Method Z-value P-value
Normal approximation 1.07 0.285
Fisher's exact 0.200

AN N-28 AMWLERIHNANTWNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
sample 1 21 5 0.238095
Sample 2 5361 2267 0422869

Estimation for Difference
95% CI for
Difference Difference
-0.18477 (-0.367418, -0.002130)

Cl based on normal approximation

Test
Null hypothesis Hoipi-p2=0
Alternative hypothesis  Hiip.i-p: #0
Method Z-Value P-Value
Normal approximation -1.98 0.047
Fisher's exact 0.120
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Test and CI for Two Proportions

Method

pr proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p2

Descriptive Statistics

Sample N _Event Samplep
Sample 1 21 6 0285714
Sample 2 5361 534 0103339

Estimation for Difference
95% CI for
Difference Difference
0.182375 (-0.011011, 0.375762)

Cli based on normal approximation

Test
Null hypothesis Haipr-p2=0
Alternative hypothesis  Hiip.-p: £0
Method Z-value P-value
Normal approximation 1.85 0.065
Fisher's exact 0.017

AN N-30 AMWLERIHNANTWNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics
Sample N _Event Samplep
Sample 1 35 2 0057143
Sample 2 1279 156 0.121970

Estimation for Difference
95% (I for
Difference Difference
-0.0648274 (-0.143790, 0.014135)

Ci based on normal approximation

Test
MNull hypothesis Haipr-pz2=0
Alternative hypothesis  Hipy-p: 20
Z-Value P-Value
0.108
0.424

Method
Mormal approximation -1.61
Fisher's exact

The normal approximation may be inaccurate for small samples.

AN N-31 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p. - p2

Descriptive Statistics
Sample N _Event Samplep
sample 1 35 6 0171429
Sample 2 1279 576 0450352

Estimation for Difference
95% CI for
Difference Difference
-0.278923 (-0.406725, -0.151121)

€I based on normal approximation

Test
Null hypothesis Hoipr-pz=0
Alternative hypothesis  Hitpi-p: 20
Method Z-Value P-Value

Normal approximation -4.28 0.000
Fisher's exact 0.001
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 35 10 0.285714
Sample 2 1279 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.285714 (0.136051, 0.435378)

Ci based on normal approximation

Test
MNull hypothesis Haipy-p2=0
Alternative hypothesis  Hitpy-p: 20
Method Z-Value P-value
Mormal approximation 3.74 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for small samples.

AN N-33 AMNLERIHANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
sample 1 35 7 0.200000
Sample 2 1279 305 0.238468

Estimation for Difference
95% CI for
Difference Difference
-0.0384676 (-0.173028, 0.096092)

€l based on normal approximation

Test
Mull hypothesis Haipr-p==0
Alternative hypothesis  Hiipi-p: 20
Method Z-Value P-Value
MNormal approximation -0.56 0.575
Fisher's exact 0.691
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Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 35 10 0.285714
Sample 2 1279 242 0189210

Estimation for Difference
95% CI for
Difference Difference
0.0965040 (-0.054691, 0.247699)

CI based on normal approximation

Test

Null hypothesis Haipr-p2=0
Alternative hypothesis  Hiipi-p: 20

Method Z-Value P-value

Normal approximation 1.25 0.211
Fisher's exact 0.188

AN N-35 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N Event Samplep
Samplel 16 2 0125000
Sample 2 241 136 0564315

Estimation for Difference
95% CI for
Difference Difference
-0.439315 (-0.612036, -0.265594)

€I based on normal approximation

Test
Null hypothesis Hoipr- p =0
Alternative hypothesis  Hiip.-p: 20
Method Z-Value P-Value

Normal approximation -4.96 0.000
0.001

Fisher's exact

The normal approximation may be inaccurate for small sampies.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 16 3 0187500
Sample 2 241 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.1875 (-0.003750, 0.378730)

Ci based on normal approximation

Test
MNull hypothesis Haipy-p2=0
Alternative hypothesis  Hitpy-p: 20
Z-Value P-Value
0.055
0.000

Method
Mormal approximation 192
Fisher's exact

The normal approximation may be inaccurate for small samples.

AN N-37 AMNLERIHNANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
pa proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
sample 1 16 5 0312500
Sample 2 241 105 0435685

Estimation for Difference
95% CI for
Difference Difference
-0.123185 (-0.358771,0.112402)

€l based on normal approximation

Test
Null hypothesis Haipi-p2=0
Alternative hypothesis  Hiipi-p: 20
Method Z-Value P-Value
-1.02 0.305
0.437

Normal approximation
Fisher's exact

AN N-38 AMNLERIHNANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: py - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 16 5 0312500
Sample 2 241 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.3125 (0.085383,0.539617)

Ci based on normal approximation

Test
MNull hypothesis Hoipr-pz=0
Alternative hypothesis  Hitpy-p: 20
Method Z-Value P-Value
Mormal approximation 270 0.007
Fisher's exact 0.000

The normal approximation may be inaccurate for small samples.

AN N-39 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N Event Samplep
Sample 1 16 1 0062500
Sample 2 241 0 0.000000

Estimation for Difference
95% I for
Difference Difference
0.0625 (-0.056108, 0.181108)

Ci based on normal approximation

Test
MNull hypothesis Ha:pr-p2=0
Alternative hypothesis  Hipy-p: 20
Method Z-Value P-Value
Mormal approximation 1.03 0.302
Fisher's exact 0.062

The normal approximation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N Event Samplep
Sample 1 13 1 0076923
Sample 2 523 27 0.051625

Estimation for Difference
95% I for
Difference Difference
0.0252978 (-0.120790, 0.171386)

€l based on normal approximation

Test
Mull hypothesis Haipi-pz=0
Alternative hypothesis  Hiipy-p: 20
Method Z-Value P-Value
Normal approximation 034 0.734
Fisher's exact 0.506

The normal approximation may be inaccurate for small samples.

AN N-41ATNLEAINANULNY

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 13 3 0.230769
Sample 2 523 260 0497132

Estimation for Difference
95% CI for
Difference Difference
-0.266363 (-0.499368, -0.033358)

Ci based on normal approximation

Test
Null hypothesis Hatp1-p2=0
Alternative hypothesis  Haitp.-p: 20
Method Z-Value P-Value
Mormal approximation -2.24 0.025
Fisher's exact 0.089

The normal approximation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: py - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 13 3 0.230769
Sample 2 523 16 0.030593

Estimation for Difference
959% CI for
Difference Difference
0.200176 (-0.029329, 0.429682)

Ci based on normal approximation

Test
MNull hypothesis Ha:pr-p2=0
Alternative hypothesis  Hipy-p: 20
Method Z-Value P-Value
Mormal approximation 171 0.087
Fisher's exact 0.009

The normal approximation may be inaccurate for small samples.

AN N-43 AMNLERINANTUNU

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics
Sample N Event Samplep
Sample 1 13 3 0.230769
Sample 2 523 169 0.323136

Estimation for Difference
95% (1 for
Difference Difference
-0.0923665 (-0.324878, 0.140145)

Ci based on normal approximation

Test
MNull hypothesis Ha:pr-p2=0
Alternative hypothesis  Hipy-p: 20
Method Z-Value P-Value
Normal approximation -0.78 0436
Fisher's exact 0.564

The normal approximation may be inaccurate for small samples.

AN N-44 AMWLERSHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics

Sample N Event Samplep
Samplel 13 4 0307692
Sample 2 523 51 0.097514

Estimation for Difference
95% CI for
Difference Difference
0.210178 (-0.041998, 0.462353)

€I based on normal approximation

Test
Null hypothesis Hai p1 - 0
Alternative hypothesis  Hiip.-p: #0
Method Z-Value P-value
Mormal approximation 163 0.102
Fisher's exact 0.035

The normal approximation may be inaccurate for small sampies.

AN N-45 AMWLERIHNANTUNU
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Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
pa proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N__Event Samplep
Sample 1 296 & 0027027
Sample 2 24428 5446 0.222941

Estimation for Difference
95% CI for
Difference Difference
-0.185914 (-0.215111, -0.176717)

ClI based on normal approximation

Test

MNull hypothesis Hopi-p2=0
Alternative hypothesis Hypi-p: 20

Method Z-Value P-Value

Normal approximation  -20.00 0.000
Fisher's exact 0.000

AN N-46 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
sample 1 296 35 0118243
Sample 2 24428 3654 0.149582

Estimation for Difference
95% CI for
Difference Difference
-0.0313392 (-0.068395, 0.005716)

€l based on normal approximation

Test
Null hypothesis Holpi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation -1.66 0.097
Fisher's exact 0.140

AN N-47 AMNLERSHANTWNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
sample 1 296 64 0216216
Sample 2 24428 3749 0153471

Estimation for Difference
95% CI for
Difference Difference
0.0627448 (0015631, 0.109859)

€I based on normal approximation

Test
Mull hypothesis Hoipa-p=0
Alternative hypothesis  Hipi-p. 20
Method Z-Value P-Value
0.009
0.004

Mormal approximation 261
Fisher's exact

AN N-48 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N__Event Samplep

Sample 1 296 81 0.273p49
Sample 2 24428 5874 0.240462

Estimation for Difference
95% CI for
Difference Difference
0.0331869 (-0.017884, 0.084258)

CI based on normal approximation

Test
Null hypothesis Hop1-pz=0
Alternative hypothesis  Hipi-p: 20
Z-Value P-Value
0.203
0.194

Method
Normal approximation 1.27
Fisher's exact

AN N-49 AMWLERIHANTUNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N__Event Samplep
Sample 1 296 108 0.364865
Sample 2 24428 5705 0.233543

Estimation for Difference
95% CI for
Difference Difference
0131321 (0.076225, 0.186418)

€l based on normal approximation

Test
Mull hypothesis Hoipa-p=0
Alternative hypothesis  Hipi-p. 20
Method Z-Value P-Value

Normal approximation 467 0.000
0.000

Fisher's exact

AN N-50 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
pa proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N__Event Samplep
Sample 1 149 7 0.046980
Sample 2 22391 2895 0129293

Estimation for Difference
95% CI for
Difference Difference
-0.0823132 (-0.116571, -0.048055)

CI based on normal approximation

Test

Null hypothesis Hopi-p2=0
Alternative hypothesis  Hipi-p: =0

Method Z-Value P-Value

Normal approximation -471 0.000
Fisher's exact 0.001

AN N-51 AMNLERIHANTUNU

79



Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N__Event Samplep
Sample 1 149 27 0181208
Sample 2 22391 4363 0.194855

Estimation for Difference
95% CI for
Difference Difference
-0.0136470 (-0.075713, 0.048419)

CI based on normal approximation

Test
Null hypothesis Hop1-pz=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value  P-Value

Normal approximation -0.432 0.667

Fisher's exact 0.756

AN N-52 AMWLERIHANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
Sample 1 149 20 0194631
Sample 2 22391 3500 0.156313

Estimation for Difference
95% CI for
Difference Difference
0.0383181 (-0.025431, 0.102067)

€l based on normal approximation

Test
MNull hypothesis Hopi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 1.18 0.239
Fisher's exact 0.213

AN N-53 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method
pr proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 149 42  0.281879
Sample 2 22391 4462 0199276

Estimation for Difference
95% CI for
Difference Difference
0.0826027 (0.010172,0.155033)

€l based on normal approximation

Test
MNull hypothesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 224 0.025
Fisher's exact 0.018

AN N-54 AMNLERINANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
sample 1 149 44 0.295302
Sample 2 22391 7171 0.320263

Estimation for Difference
95% CI for
Difference Difference
-0.0249606 (-0.098462, 0.048541)

€l based on normal approximation

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation -0.67 0.506
Fisher's exact 0.539

AN N-55 AMNLERSHANTUNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
Sample 1 48 2 0041667
Sample 2 12209 2948 0.241461

Estimation for Difference
95% CI for
Difference Difference
-0.199795 (-0.256832, -0.142757)

Ci based on normal approximation

Test
MNull hypothesis Hoipi-p:=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-Value
Normal approximation -6.87 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for small samples.

AN N-56 AMNLERINANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 48 12 0.250000
Sample 2 12209 1827 0.149644

Estimation for Difference
95% CI for
Difference Difference
0100356 (-0.022305, 0.223017)

Cli based on normal approximation

Test
Null hypothesis Hoipr-p2=0
Alternative hypothesis  Hiip.-p: 20
Method Z-value P-value
Normal approximation 1.60 0.109
Fisher's exact 0.066

AN N-57 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
pa proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N__Event Samplep
Sample 1 48 13 0.270833
Sample 2 12209 1441 0.118028

Estimation for Difference
95% C1 for
Difference Difference
0152806 (0.026959, 0.278652)

ClI based on normal approximation

Test
MNull hypothesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 238 0.017
Fisher's exact 0.003

AN N-58 AMNLERINANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
sample 1 48 12 0.250000
Sample 2 12209 1355 0.110984

Estimation for Difference
95% CI for
Difference Difference
0.139016 (0.016392, 0.261641)

€I based on normal approximation

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis Hup:-p. 20
Method Z-Value P-Value
Normal approximation 222 0.026
Fisher's exact 0.009

AN N-59 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
sample 1 48 10 0.208333
Sample 2 12209 4638 0.379884

Estimation for Difference
95% CI for
Difference Difference
-0.171550 (-0.286761, -0.056339)

CI based on normal approximation

Test
Null hypothesis Hoip1-pz=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-Value
Normal approximation -2.92 0.004

Fisher's exact 0.016

AN N-60 AMWLERINANTUNU
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Test and CI for Two Proportions

Method
pr proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 289 8 0.027682
Sample 2 18145 6018 0.331662

Estimation for Difference
95% CI for
Difference Cifference
-0.303980 (-0.324097, -0.283863)

€l based on normal approximation

Test
Null hypothesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
MNormal approximation  -29.62 0.000
Fisher's exact 0.000

AN N-61 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
sample 1 289 34 0117647
Sample 2 18145 5037 0.277597

Estimation for Difference
95% CI for
Difference Cifference
-0.159950 (-0.197663, -0.122237)

€l based on normal approximation

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation -8.31 0.000
Fisher's exact 0.000

AN N-62 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - p:

Descriptive Statistics
sample N__Event Samplep
Sample 1 289 62 0.214533
Sample 2 18145 1633 0.089997

Estimation for Difference
95% CI for
Difference Difference
0124536 (0.077026, 0.172046)

Cli based on normal approximation

Test
Null hypothesis Hoipi-p2=0
Alternative hypothesis  Hipi-p. 20
Method Z-value  P-Value
Normal approximation 514 0.000
Fisher's exact 0.000

AN N-63 AMNLERIHANTUNU

Test and CI for Two Proportions

Method
pu proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N__Event Samplep
Sample 1 289 79 0.273356
Sample 2 18145 3210 0.176908

Estimation for Difference
95% CI for
Difference Difference
0.0964482 (0.044765, 0.148131)

€I based on normal approximation

Test

Null hypothesis Hoipi-p2=0
Alternative hypothesis  Hipi-p: 20

Method Z-value P-value

Normal approximation 3.60 0.000
Fisher's exact 0.000

AN N-64 AMWLERIHANTUNU
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Test and CI for Two Proportions

Method
pr proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - pz

Descriptive Statistics
Sample N _Event Samplep
Sample 1 289 106 0.366782
Sample 2 18145 2242 0123560

Estimation for Difference
95% CI for
Difference Difference
0.243222 (0.187454, 0.298990)

€l based on normal approximation

Test
MNull hypothesis Hopi-p2=0
Alternative hypothesis  Hipi-p: #0

Method Z-Value P-Value

Normal approximation 8.55 0.000
Fisher's exact 0.000

AN N-65 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
sample 1 142 7 0.049296
Sample 2 22667 2759 0121719

Estimation for Difference
95% CI for
Difference Difference
-0.0724230 (-0.108283, -0.036563)

€l based on normal approximation

Test
Null hypothesis Holpi-pz=0
Alternative hypothesis Hypi-p: 20

Method Z-Value P-Value

Normal approximation -3.96 0.000
Fisher's exact 0.006

AN N-66 AMNLEAINANTUNU
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Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - p2

Descriptive Statistics
Sample N__Event Samplep
Sample 1 142 26 0.183099
Sample 2 22667 7914 0349142

Estimation for Difference
95% CI for
Difference Difference
-0.166043 (-0.229956, -0.102130)

CI based on normal approximation

Test

Null hypothesis Hoipa-p2=0
Alternative hypothesis  Hipi-p: 20

Method Z-Value  P-Value

Normal approximation -5.09 0.000

Fisher's exact 0.000

AN N-67 AMWLERIHNANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N _Event Samplep
sample 1 142 28 0197183
Sample 2 22667 4313 0190277

Estimation for Difference
95% CI for
Difference Difference
0.0069065 (-0.058733, 0.072546)

€l based on normal approximation

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis Hypi-p: 20

Method Z-Value P-Value

Normal approximation 0.21 0.837
Fisher's exact 0.830

AN N-68 AMWLEAINANTUNU
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
sample 1 142 39 0.274648
Sample 2 22667 4939 0.217894

Estimation for Difference
95% CI for
Difference Difference
0.0567540 (-0.016854, 0.130362)

€I based on normal approximation

Test
Mull hypothesis Hoipa-p=0
Alternative hypothesis  Hipi-p. 20
Method Z-Value P-Value
0131
0.104

Normal approximation 151
Fisher's exact

AN N-69 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics
Sample N Event Samplep
sample 1 142 41  0.288732
Sample 2 22667 2742 0.120969

Estimation for Difference
95% CI for
Difference Difference
0167764 (0.093106, 0.242421)

€l based on normal approximation

Test
Null hypothesis Holpi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 440 0.000
Fisher's exact 0.000
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 55 2 0.036364
Sample 2 8556 506 0.059140

Estimation for Difference
959% CI for
Difference Difference
-0.0227761 (-0.072500, 0.026947)

Ci based on normal approximation

Test
Null hypothesis Hoipa-pz=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-Value
Mormal approximation -0.90 0.369
Fisher's exact 0771

The normal approximation may be inaccurate for small samples.

AN A-T1 AMWLERSHNANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N _Event Samplep
Sample 1 55 13 0.236364
Sample 2 8556 4008 0.468443

Estimation for Difference

95% CI for
Difference Difference
-0.232080 (-0.344856, -0.119303)

CI based on normal approximation

Test
Mull hypothesis Hoipa-p=0
Alternative hypothesis  Hipi-p. 20
Method Z-Value P-Value
Mormal approximation -4.03 0.000
Fisher's exact 0.001

AN N-T2 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method

pr proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 55 14 0254545
Sample 2 8556 1686 0.197055

Estimation for Difference
95% CI for
Difference Difference
0.0574908 (-0.057940, 0.172921)

€l based on normal approximation

Test
MNull hypothesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 0.98 0329
Fisher's exact 0307

AN N-73 AMNLERSHANTUNU

Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 55 13 0.236364
Sample 2 8556 1538 0.179757

Estimation for Difference
95% CI for
Difference Difference
0.0566067 (-0.055967, 0.169181)

€l based on normal approximation

Test
MNull hypothesis Hoipi-p2=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 0.9 0324
Fisher's exact 0.290

AN N-T4 AMWLERIHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - p2

Descriptive Statistics

Sample N _Event Samplep
sample 1 55 12 0218182
Sample 2 8556 818 0.095605

Estimation for Difference
95% CI for
Difference Difference
0122576 (0.013247,0.2319053)

Test
Null hypothesis Hoipi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 220 0.028
Fisher's exact 0.005

AN N-75 AMWLERINANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N__Event Samplep
Sample 1 136 4 0.029412
Sample 2 2511 0 0.000000

Estimation for Difference
959% CI for
Difference Difference
0.0294118 (0.001016, 0.057808)

Ci based on normal approximation

Test
Null hypothesis Hoipai-p=2=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-Value
Mormal approximation 203 0.042
Fisher's exact 0.000

The normal approximation may be inaccurate for small somples.

AN N-76 AMWLERINANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - p2

Descriptive Statistics

Sample N _Event Samplep
Samplel 136 16 0117647
Sample2 2511 1483 0.590601

Estimation for Difference
95% CI for
Difference Difference
-0.472954  (-0.530417, -0.415491)

CI based on normal approximation

Test
Null hypathesis Hoipa-p2=0
Alternative hypothesis  Hipi-p: =0
Method Z-Value P-Value
Normal approximation  -16.13 0.000
Fisher's exact 0.000

AN A-T7 AMNLERIHANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N Event Samplep
Sample 1 136 29 0213235
Sample 2 2511 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.213235 (0.144397, 0.282074)

Cl based on normal approximation

Test
Null hypothesis Hoipa-p==10
Alternative hypothesis  Hiipi-p: #0
Method Z-Value P-Value
Normal approximation 6.07 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for small saomples.

AN N-78 AMWLERINANTUNU

Test and CI for Two Proportions

Method

px: proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: pa - p:

Descriptive Statistics

Sample N _Event Samplep
sample 1 136 37 0.272059
Sample 2 2511 130 0.051772

Estimation for Difference
95% CI for
Difference Difference
0.220287 (0.144994, 0.295580)

Cl based on normal approximation

Test
MNull hypothesis Hoipa-p==0
Alternative hypothesis  Hipi-p. 20
Method Z-Value P-Value
MNormal approximation 5.73 0.000
Fisher's exact 0.000

AN N-T9 AMWLERIHANTUNU
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Test and CI for Two Proportions

Method

p: proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
sample 1 136 50 0367647
Sample 2 2511 898 0.357626

Estimation for Difference
95% CI for

Difference Difference

0.0100206 (-0.073155, 0.093196)

C! based on narmal approximation

Test
Null hypothesis Hoipr-p=0
Alternative hypothesis  Hup.-p. £0
Method Z-Value P-Value
Normal approximation 024 0.813
Fisher's exact 0.854

AN N-80 AMWLERINANTUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 80 4 0050000
Sample 2 83 0 0.000000

Estimation for Difference
959% CI for
Difference Difference
0.05 (0.002242,0.097758)

Ci based on normal approximation

Test
Null hypothesis Haipa-p=2=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-value
Mormal approximation 2.05 0.040
Fisher's exact 0.056

The normal approximation may be inaccurate for smail samples.

AN N-81 AMWLERIHNANTUNU
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - p=

Descriptive Statistics

Sample N Event Samplep
Sample 1 80 15 0.187500
Sample 2 83 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.1875 (0.101971, 0.273029)

Cl based on normal approximation

Test
MNull hypothesis Hoipi-pz=0
Alternative hypothesis Hipi-p: 20
Method Z-Value P-Value
Normal approximation 430 0.000
Fisher's exact 0.000

mation may be inaccurate for small samples.

The normal appr

AN N-82 AMNLEAIHANLUNU

Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N Event Samplep
Sample 1 80 16 0.200000
Sample 2 83 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.2 (0112348, 0.287652)

Cl based on normal approximation

Test
MNull hypothesis Hoipi-pz=0
Alternative hypothesis Hupi-p: 20
Method Z-Value P-Value
Normal approximation 447 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportion where Sample 2 = Event
Difference: p. - p:

Descriptive Statistics
Sample N Event Samplep
Sample 1 80 22 0.275000
Sample 2 83 83 1.000000

Estimation for Difference
95% CI for
Difference Difference
-0.725 (-0.822845, -0.627155)

€l based on normal approximation

Test
Null hypothesis Hoipr-pz:=0
Alternative hypothesis  Hiip.-p: #0
Methad Z-Value P-value
Mormal approximation  -14.52 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 80 23 0.287500
Sample 2 83 0 0.000000

Estimation for Difference
959% CI for
Difference Difference
0.2875 (0.188322, 0.386678)

Ci based on normal approximation

Test

Null hypothesis
Alternative hypothesis

Method Z-Value P-value
Mormal approximation 5.68 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for smail samples.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 38 1 0026316
Sample 2 49 0 0.000000

Estimation for Difference
95% CI for

Difference Difference

0.0263158 (-0.024579,0.077211)

Ci based on normal approximation

Test
Null hypothesis Holpa-p2=0
Alternative hypothesis  Hipi-p: 20
Method Z-Value P-value
Mormal approximation 10 0311
Fisher's exact 0437

The normal approximation may be inaccurate for smail samples.
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Test and CI for Two Proportions

Method

px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 38 9 0.236842
Sample 2 49 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.236842 (0.101668, 0.372016)

Ci based on normal appr mation

Test

Null hypothesis
Alternative hypothesis

Methad Z-Value P-value
Mormal approximation 343 0.001
Fisher's exact 0.000

The normal approximation may be inaccurate for smail samples.
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - p=

Descriptive Statistics

Sample N Event Samplep
Sample 1 38 10 0263158
Sample 2 49 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.263158 (0.123150, 0.403166)

Cl based on normal approximation

Test
Mull hypothesis Hoipi-pz=0
Alternative hypothesis Hypi-p: 20
Method Z-Value P-Value
Normal approximation 3.68 0.000
Fisher's exact 0.000

The normal appr mation may be inaccurate for small samples.
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - p=

Descriptive Statistics

Sample N _Event Samplep
Sample 1 38 9 0.236842
Sample 2 49 49 1.000000

Estimation for Difference
95% CI for
Difference Difference
-0.763158 (-0.898332, -0.627984)

Ci based on normal approximation

Test

Null hypothesis
Alternative hypothesis

Method Z-Value P-Value
Mormal approximation  -11.07 0.000
Fisher's exact 0.000

The normal approximation may be inaccurate for small somples.
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Test and CI for Two Proportions

Method
px proportion where Sample 1 = Event
p= proportionwhere Sample 2 = Event
Difference: p1 - pz

Descriptive Statistics

Sample N _Event Samplep
Sample 1 38 8 0.210526
Sample 2 49 0 0.000000

Estimation for Difference
95% CI for
Difference Difference
0.210526 (0.080904, 0.340148)

Ci based on normal approximation

Test
Null hypothesis Hotp1-p2=0
Alternative hypothesis Hipi-p: 20
Methad Z-Value P-value
Mormal approximation 3.18 0.001
Fisher's exact 0.001

The normal approximation may be inaccurate for smail samples.
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A15719 2-1 NAINAITIATISHRIAUFUNUSYIIUIUNSAVIUNVdURYRSU 2/2561

HANTIATIERAINIUsUNSUE UMY TudunsiuTungiaudlulsazanusnisvesy 2/2561
AESTANENS AOEFIRNANERS AOENYBEANERS
JOULAT
z p-value z p-value z p-value

8:00 -5.24 0.000 0.37 0.708 -2.56 0.010
9:30 -0.08 0.936 -0.97 0.332 -1.62 0.106
11:00 1.55 0.122 0.54 0.586 -0.06 0.956
13:00 0.03 0.975 1.39 0.165 0.79 0.428
14:30 1.33 0.183 -2.08 0.038 2.62 0.009

A1519 V-2 HAINNTTIATIINIAMUFURUS Y TUDIASAUIUANIVRLY 2/2561

HanTiATEnlusunsusidunudariusimsiviuansluwsazgauinisvest 2/2561
AL STAENS AREFIPNANERS ADIEUYWEANERS

JOULAT

z p-value z p-value z p-value

8:00 -1.76 0.078 0.39 0.697 -2.83 0.005
9:30 -2.81 0.005 -0.01 0.989 0.41 0.681
11:00 1.29 0.197 1.29 0.198 1.07 0.285
13:00 0.30 0.762 -1.13 0.259 -1.98 0.047
14:30 1.72 0.086 -1.99 0.046 1.85 0.065

M1519 V-3 HAINNITAATIRINIAUEUNUSYITUNSVRY 2/2561

HaN1TIATIeRInlUsUNsuETunuYIriunsluusasaausnisvest 2/2561
AL STAERS AT FIPNANERS AREUYWEANERS
JOULIAT
z p-value z p-value z p-value

8:00 -1.61 0.108 -4.96 0.000 0.34 0.734
9:30 -4.28 0.000 1.92 0.055 -2.24 0.025
11:00 3.74 0.000 2.7 0.007 1.71 0.087
13:00 -0.56 0.575 -1.02 0.305 -0.78 0.436
14:30 1.25 0.211 1.03 0.302 1.63 0.102
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A1519 V- ANAIINNITIATIEHNIAUFUNUS VI9IUIUNIAUIUNHdURVeT 1/2562

HaN1TIATIERINtUsUNTUE NWNUYITTudunsAuTungauflulsasgausnisvesy 1/2562
ADYITANANT ANAIPUAIEARS ARENYYEANERS
JEULAN
z p-value z p-value z p-value

8:00 -20.00 0.000 -4.71 0.000 -6.87 0.000
9:30 -1.66 0.097 -0.43 0.667 1.60 0.109
11:00 2.61 0.009 1.18 0.239 2.38 0.017
13:00 1.27 0.203 2.24 0.025 222 0.026
14:30 a.67 0.000 -0.67 0.506 -2.92 0.004

M1919 ¥- SHAINNTTAATIRINIANUEURUS Y TUSIAsivTuAnSuasl 1/2562

HaN1TIATIERINtUsUNsUETUNUY s sAuuansluusiaggausnisvest 1/2562
AL STANENS AREFIRNANERS ANIENYYEANARS
FOUNIAT

z p-value z p-value z p-value

8:00 -29.62 0.000 -3.96 0.000 -0.90 0.369
9:30 -8.31 0.000 -5.09 0.000 -4.03 0.000
11:00 514 0.000 0.21 0.837 0.98 0.329
13:00 3.66 0.000 1.51 0.131 0.99 0.324
14:30 8.55 0.000 4.40 0.000 2.20 0.028

A1519 V- 6HAINNTITIATIINIAMUFUNRUS Y TUNTVDY 1/2562

HaN1TIATIERINtUsUNsUETunUYITTunsluwsiazaausnisvest 1/2562
AL STAERS AREFIPNANERS ANEUYWEANERS
JOULIAT
z p-value z p-value z p-value

8:00 2.03 0.042 2.05 0.040 1.01 0.311
9:30 -16.13 0.000 4.30 0.000 3.43 0.001
11:00 6.07 0.000 4.47 0.000 3.68 0.000
13:00 5.73 0.000 -14.52 0.000 -11.07 0.000
14:30 0.24 0.813 5.68 0.000 3.18 0.001
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40.00%

ARIETANENS
30.00%
20.00% - —o
10.00% <>/
0.00%
drqnan | 8:00 9:30 11:00 13:00 14:30
——HlU3NS 555% | 17.26% | 28.29% | 20.02% | 28.88%
—e-uATamzdou 2220% | 1757% | 19.41% @ 20.15% | 20.62%
p-value 0.000 0.936 0.122 0.975 0.183

AN A-1 KEAINTUTEULTBUTAIIEIUTINAENIYAVDIYIIANFUNUS AUYDITUTUNS

fudungiaud o gausnisaneSgAansy 2561/2

40.00% } :
AT EAIAUATTRNT
30.00% .
20.00% /74\%
10.00% / N
0.00%
I 800 | 930 | 1100 | 1300 | 14:30
—e— #3073 1388% = 18.63%  31.87%  3095% 4.66%
—e—urflamzidou| 11.43% | 27.36% | 27.72% | 19.05% | 14.43%
p-value 0708 = 0332 | 058 | 0165 0038

AN A- 2uaAINTITUTEULNEUTNTIEIUTINDILANIYAVDIYIIAINTY

FUTUNSAUTUNQIAUR o aUNIsAEIANAIEnsU 2561/2
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40.00% :
30.00% A
20.00% e ——
15.00% Pl e
10.00% <>// \\Q
5.00%
0.00%
drgan 8:00 9:30 11:00 13:00 14:30
—— {33 637% | 19.11% | 2350% | 21.94% | 29.07%
-._uﬂ.ﬁaqml,ﬁau 21.15% 31.79% 23.54% 16.52% 6.99%
p-value 0.01 0.106 0.956 0.428 0.009
AN A- 3uanansiUTeufisudnsndrusinfananigauadasaaiiiduiusfuveed

JunsivTungiiaud o 9ausnIsANE AYweAaAsU 2561/2

40.00% -
35.00% ﬂm%%ﬁiﬂ"]ﬁmi
30.00% A\
25.00% /N AN el
20.00% / /\géé_,
15.00% /
10.00% Ny
5.00% /
0.00%
qhql;gaf] 8:00 9:30 11:00 13:00 14:30
—o—HlTU3N3 555% | 17.26% | 28.29% | 20.02% | 28.88%
—Q—uﬂ.ﬁan%LﬁEJu 10.70% | 32.33% | 20.76% | 18.03% | 18.17%
p-value 0.078 0.005 0.197 0.762 0.086
AW A-4 uanIn1siUTeuisudnsdiusanfuananvastaanarfiduius fuvasd

39A13AUIUANS a IAUINITAMEIFANENsU 2561/2
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60.00% » -

so.000 | "AtANAEAT

40.00%

30.00% A_—’Q

20.00% / / \

10.00% :: \é

0.00%

draan 8:00 9:30 11:00 13:00 14:30
—o— {33 13.88% = 18.63% | 31.87% | 30.95%  4.66%
_Q_uﬂ.ﬁmmﬁsm 10.31% | 17.50% | 18.07% | 41.28% | 12.85%

p-value 0.697 0.989 0.198 0.259 0.046
AT A-5 uaRINsIUTuIisudnsdrusnfnanigavadasaaiiduiusfuveed

39A13UIUANS a1 YAUINITAMEEIAN AAASU 2561/2

50.00%
ATUYWUANENS
40.00% A
30.00% /*7'L/<>(‘
20.00% %/
10.00% e \
0.00%
dranan 800 9:30 11:00 | 1300 = 14:30
—— T3NS 637% | 19.11% | 2350% | 21.94% | 29.07%
-q-um.ﬁawzlﬂau 18.01% 15.52% 13.85% 42.29% 10.33%
p-value 0.005 0.681 0.285 0.047 0.065
AN A-6 uanIN1sIUTUiBuSRTIdIuTINtaLannva st FuNuS fuva s

29A13AUTUANS Al YAUINITAMITUYBEAIEAST 2561/2
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60.00%
5000% | AfMESTAENT
40.00% A
30.00% / \
o ) XS
10.00% ’/// \ /
0.00% \/
fraan | 8:00 9:30 11:00 | 13:00 | 14:30
—o— {33 555% | 17.26% @ 28.29% | 20.02% & 28.88%
—e-unfamudoy 1220% = 4504% | 0.00% | 2385% | 18.92%
p-value 0.108 0 0 0.575 0.211

AN A-7 KEAINITUTBULTBUTNTIHIUTINAIEAIAVDIYILIAITEY

qAUINITAMEIgAENsU 2561/2

]
o/ o/
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S o/

AUYBITUNS o

60.00%
£0.00% <iﬂmé’fﬂmmmm%
40.00% \ A
30.00% \ \
20.00% \ / / \
10.00% C/V / \
0.00% / &
drqnan 800 9:30 11:00 13:00 14:30
—o— T3NS 13.88% | 18.63% | 31.87% = 30.95% | 4.66%
—e-uflamadou 5651% | 000% | 000% | 43.49%  0.00%
p-value 0 0.055 0.007 | 0305 | 0302

AN A-8 LEAINTITIUTEUNIEUSNINEIUTINDILANIYAVDIYINIANNHUN

gAUSMIAMEHIRNAIansl 2561/2
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60.00%

£0.00% ADEUYWUANENS
. 0

40.00% /\

30.00% // \ P

20.00% W
10.00% // \\// \

0.00%
graa1|  8:00 9:30 11:00 | 13:00 | 14:30
—e—flFusns 637% | 19.11% | 2350% 21.94% | 29.07%

—Q—uﬂ.ﬁmmlﬁﬂu 5.16% 49.70% 3.06% 32.37% 9.71%

p-value 0.734 0.025 0.087 0.436 0.102

.U L ¢ o/

AN A-9 KEAINITUTULTBUTNTIHIUTINAIENIIAVDIYILIAMFUNUS AUVDITUNG o

AUINITANENYBAERTY 2561/2

40.00% :
3500% 21374 Eﬂ??{m‘i />

30.00% ~
25.00% v
20.00% O~ o

15.00% \ v

10.00% P

5.00%
<>/
0.00%
Y7qan | 8:00 9:30 11:00 13:00 14:30
—o—glgusng 277% | 11.70% | 21.54% | 27.33% | 36.66%

—o—uﬂ.ﬁaw&ﬁw 22.29% 14.96% 15.35% 24.05% 23.35%

p-value 0 0.097 0.009 0.203 0

i o o o

AN A-10 KAAINITIUTIULNBUINTIEINTINDILANIYAVDIYINIANNTUNUS AU VDT

JUNSAVTUNREUR o IAUTNMIARILSFAENST 2562/1
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35000 | PMzdIAUAERS
30.00% M{:
25.00%
20.00% ﬁ-<:///
15.00%
e
10.00% /
5.00% d
0.00%
t1q0an 800 9:30 11:00 13:00 14:30
—o— {33 4.90% | 1833% | 19.68% | 27.79% | 29.30%
—Q-uﬂ.ﬁaqmlﬁw 12.93% 19.49% 15.63% 19.93% 32.03%
p-value 0 0.667 0.239 0.025 0.506
AW A- 11uansnslFeuiisudnsdiusiufaansgavastrsaaniiduiusiuvesd
JUNSAUTUNREUR a1 gausnisanzdiauaanst 2562/1
40.00% ;
35 00% ALUUBYAERNT P
30.00% /
25.00% /’—Aﬁﬁ
20.00% ™~
15.00% M/
10.00% /
5.00% <5/
0.00%
frgnan | 8:00 9:30 11:00 13:00 14:30
—o— {33 3.95% | 24.52% | 2634% | 24.12% | 21.07%
+uﬂ.ﬁaqmmﬁau 24.14% 14.97% 11.80% 11.10% 37.99%
p-value 0 0.109 0.017 0.026 0.004
AW A- 12uansn1siSsuiisudndiusiuiansgavastrwaaiiduiusfuvesiy

JuNsiuIungiaud o gausn1sanzuyveansy 2562/1
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0.00%
dhanan 8:00 9:30 11:00 13:00 14:30
—o— {33 2.77% 11.70% | 2154% | 27.33% | 36.66%
o uATamudou 33.17% | 27.76% | 9.00% | 17.69% @ 12.38%
p-value 0 0 0 0 0
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deAnsivduens ar gauIn1sAneSgAans U 2562/1
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A998 8:00 9:30 11:00 13:00 14:30
—— 43S 4.90% | 1833% | 19.68% | 27.79% | 29.30%
—Q—uﬂ.‘ﬁaﬂﬂ&‘ﬁﬂu 12.17% 34.91% 19.03% 21.79% 12.10%
p-value 0 0 0.837 0.131 0
AN A-14 u,ammsw%auLﬁ&lué’mﬁa"au‘nuﬁﬂmeqmmﬂhmmﬁﬁuﬁus‘"uﬂjaﬁ

29A13UIUANS a1 gAUSNITAMIEHIAN AEAST 2562/1
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—Q—uﬂ.ﬁawmﬁw 5.91% 46.85% 19.71% 17.97% 9.56%

p-value 0.369 0 0.329 0.324 0.028
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p-value 0.042 0 0 0 0.813

AN A-16 WEAINITUTEULTIBUINTIEIUTINAIUANIYAVDIYIIAMTUNUS AU VDI TUNS

M AUINIIANILIFANENSY 2562/1

114



120.00%

AYAIANAIERS
100.00%
80.00% /\
60.00% / \
40.00% / \
20.00% M
0.00% W / \

Yyan, 800 9:30 11:00 13:00 14:30

—o—flusns 4.90% | 1833% | 19.68% & 27.79% | 29.30%

_o_uﬂ.ﬁawstﬁw 0.00% 0.00% 0.00% 100.00% 0.00%

0

(@)

p-value 0.04 0 0

IU o ¢ o/

AN A-17 LAAINISUTEUTIEUSNITIHINTINDILEAIRAVBIYINIANTUNUS U VDI TUNS

M IAUINIAMLHIANAENTU 2562/1

120.00%

ANSUUBEAIENS

100.00% :
80.00% /\
60.00% / \

40.00% / \
7 \

20.00% e 7 AN
0.00% / / \
fraan 8:00 9:30 11:00 13:00 14:30
—o—glguing 395% | 24.52% | 2634% | 24.12% | 21.07%

_Q_uﬂ.ﬁaﬂmﬁsm 0.00% 0.00% 0.00% 100.00% 0.00%

p-value 0.311 0.001 0 0 0.001

AN A-18 WEAINISUTEULTIBUINTIEIU TN IUANIYAYDIYIIAMTUNUS AU VDI TUNS

M AUINIIARITNYBAERST 2562/1

115



AMANUIN

A151950UUIN5azNINUS U8 URNANISIATIZH



A1519 9-1 58UUIA55aLWA VE.4%Y. VaITUIUNIAUIUNGWEUA

TuunsivTungiau
1381 (WRAN) 1381 (W)
00 20
07:
30 40 43 46 49 52 55
00 05 10 15 20 26
08:
32 40 44 48 52 56
00 02 04 06 08 10 12 14 2022 24 26 28
09:
30 32 34 36 4043 46 49 52 55
00 06 12 20 25
10:
30 35 40 42 44 46 48 50 52 54 56
00 03 06 09 12 15 20 25
11:
3035 40 45 50 55
00 02 04 06 08 10 12 20 2224 26 28
12:
30 32 34 40 42 44 46 48 50 52 54
00 04 08 12 16 20 25
13:
30 3540 44 48 52 56
00 02 04 06 08 10 12 14 2022 24 26 28
14:
30 32 34 36 40 45 50 55
00 05 10 15 20 24 28
15:
32 36 40 42 44 46 48 50 52
00 02 06 08 10 12 14 20 2326 29
16:
32 35 40 45 50 55
00 06 12 20 25 30
17:
35 40 46 52
00 06 12 20 25
18:
30 35 40 46 52
00 06 12 20 26
19:
32 40 46 52
00 10 20
20:
30 40 50
00 20
21:
a0

117




M1914 9-2 58UUINTTaLNTN va.aY. vasiudeasiuiuans

Tudsansivuans
1381 (WRAN) 1an (W)
00 20
07
30 40 42 44 46 48 50 52
00 03 06 09 12 15 20 25
08
30 35 40 45 50 55
00 02 04 06 08 10 12 14 20 22 24 26 28
09
30 32 34 40 44 48 52 56
00 06 12 20 25
10
30 35 40 42 44 46 48 50 52 54
00 03 06 09 12 15 20 24 28
11
32 36 40 44 48 52 56
00 02 04 06 08 10 12 20 22 24 26 28
12
30 32 34 40 42 44 46 48 50 52 54 56
00 04 08 12 16 20 24 28
13
32 36 40 44 48 52 56
00 02 04 06 08 10 12 14 20 24 26 28
14
30 32 34 36 40 44 48 52 56
00 05 10 15 20 25
15
30 35 40 4346 49 52 55
00 02 04 06 08 10 12 14 20 2326 29
16
32 35 40 45 50 55
00 06 12 20 26
17
32 40 46 52
00 05 10 15 20 26
18
32 40 46 52
00 06 12 20 26
19
32 40 46 52
00 10 20
20
30 40 50
00 20
21
a0

118



M1919 9-3 F8UUINTTALNTN va.aY. vasiuns

Tuns
1381 (WRAN) 181 (W)
00 20
07
a0
00 10 20 25
08
30 35 40 42 44 46 48 50 52
00 02 04 06 08 10 12 14 20 24 28
09
32 36 40 45 50 55
00 10 20 26
10
32 40 45 50 55
00 06 12 20 26
11
32 40 45 50 55
00 03 06 09 12 15 20 23 26 29
12
32 35 40 44 48 52 56
00 05 10 15 20 25
13
30 35 40 46 52
00 06 12 20 26
14
32 40 46 52
00 06 12 20 25
15
30 35 40 45 50 55
00 05 10 15 20 24 28
16
32 36 40 45 50 55
00 06 12 20 26
17
32 40 46 52
00 05 10 20 26
18
32 40 46 52
00 06 12 20 26
19
32 40 46 52
00 10 20
20
30 40 50
00 10 20
21
40

119




FUIUNSAUVTUNGRAUA

A a 4 Ad a
NUIUINTTIINNTTNYINTEU NUIUINITIA LP

o

—— FuglduInigase STEHROTIGH]

UINUINTGeEailaann LP

1 35 7 9 111315 171921232527293133353739414345
¥2913a7%

2 -1 A7e819ns U U UNLAINNN5IATIZRVBIIUTUNSAUIUNWEUR

Tudsarsiuduens

PdsuSnisannniswensel P9U5A19310 LP

<

—— Fuuglduinsas ST PRIEH

UINUINTGeEaTlaan LP

1 3 5 7 9 11131517 19 21 23 2527 29 31 33 35 37 39 41 43 45
F913a7%

A $-2 AagenTUTuiBunldaINNsAATIziuasTudInsiuiuans

120



AIUSNNTIINNTNEINTI AdeUsn13an LP

o

—— uuglduInsate DS HRNTGH]

o A a v v
IunnuInsaegadlaann LP

250
200
& .
U 150 o
: / ’ \
U
® 100 ’ \
U
50 AAL \
O rrrrrrrr1r1rrrr1rrrr1rr1r1rrrrrrrr1r1rr1r1r1r1r1r1r1r 1 17 17 17 17 1T 1T

1 3 5 7 9 11131517 19 21 23 25 27 29 31 33 35 37 39 41 43 45
P3943819

AN $-2 A8 1INTINUTEULTBUNARINNITAATIZRVRITUNS

121



Yoana

SAUNANY

Ju ey U e

UszIRn1sAne

d‘ 1 U
ogtagu

U '3
LA INTEFNY

Yoana

SAUNANY

U wou U e -

YseIRnsAne ¢

‘NI 1 U
egtagiu

U I3
LUDSINTANT

C WengRevgd lanuy
: 590612035

5 5UAY 2537

v = [y

MaeFnwIsEAURA

A1UIMNTINNAINNNT W INeaeBedlnyl

b))
e

dsen

NANYY AULIFINTTUANERS

b

=9

U

15

dndansdnuiisendnwineulats lsuSeuygmgiverds Jumina1Un

dusansfinwilsendnuinousiu lsaSeuygrmdinends daninaiing

11 SunAy 2538

[

C UPTAIUMY 5I15AEDIN104

: 580612035

: 266/ 181 auunualesu 39uina1u1g 52000

: 0903182963

MasfnwsEAvgauAnyY AMEIMmNTINAENT

A1UIAINTTUNANNT UM INeaeiBedluyl

A5an1s@nwlsauAnenaulals Tsassuns Saniaeslnl

_

-

b o=
4

&

dusanisAnwilseufnuinousu lsussulsudsesneaineds dariaeslv

145/1 auw Wedlnl-dmu dva daine 9ne Wes i Wedlval 50000

: 0918588511

122



